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task-specific responses to auditory and articulatory perturbations
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Model architecture Simulation results Future directions
Goal- create a state feedback control model of Model produces stable behavior in the presence of How to predict sensory and articulatory states?
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sl 1 azu(ix) l How to integrate auditory and somatosensory feedback?
C ¢ T It is unclear whether auditory and somatosensory information
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Note: we currently implement tasks as vocal tract constrictions [2,5], but similar Response to downward jaw pull
architectures could be used for tasks in other spaces (e.q., auditory or somatosensory)
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